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APPLYING A MINIMUM SIZE BOUND ON
CONTENT DEFINED SEGMENTATION OF
DATA

CROSS REFERENCE TO RELATED
APPLICATIONS

The present application, listed as U.S. application Ser. No.
13/942,027, is cross-related to the following seventeen appli-
cations: U.S. application Ser. No. 13/941,703, U.S. applica-
tion Ser. No. 13/941,873, U.S. application Ser. No. 13/941,
694, U.S. application Ser. No. 13/941,886, U.S. application
Ser. No. 13/941,896, U.S. application Ser. No. 13/941,951,
U.S. application Ser. No. 13/941,711, U.S. application Ser.
No. 13/941,958, U.S. application Ser. No. 13/941,714, U.S.
application Ser. No. 13/941,742, U.S. application Ser. No.
13/941,769, U.S. application Ser. No. 13/941,782, U.S. appli-
cation Ser. No. 13/941,982, U.S. application Ser. No. 13/941,
800, U.S. application Ser. No. 13/941,999, U.S. application
Ser. No. 13/942,009, and U.S. application Ser. No. 13/942,
048, all of which are filed on the same day as the present
invention and the entire contents of which are incorporated
herein by reference and are relied upon for claiming the
benefit of priority.

BACKGROUND OF THE INVENTION

1. Field of the Invention

The present invention relates in general to computers, and
more particularly to applying a minimum size bound on con-
tent defined segmentation of data in a computing environ-
ment.

2. Description of the Related Art

In today’s society, computer systems are commonplace.
Computer systems may be found in the workplace, at home,
or at school. Computer systems may include data storage
systems, or disk storage systems, to process and store data.
Large amounts of data have to be processed daily and the
current trend suggests that these amounts will continue being
ever-increasing in the foreseeable future. An efficient way to
alleviate the problem is by using deduplication. The idea
underlying a deduplication system is to exploit the fact that
large parts ofthe available data are copied again and again, by
locating repeated data and storing only its first occurrence.
Subsequent copies are replaced with pointers to the stored
occurrence, which significantly reduces the storage require-
ments if the data is indeed repetitive.

SUMMARY OF THE DESCRIBED
EMBODIMENTS

In one embodiment, a method is provided for applying a
content defined minimum size bound on content defined
blocks in a data deduplication system using a processor
device in a computing environment. In one embodiment, by
way of example only, the method applies a content defined
minimum size bound on blocks produced by content defined
segmentation of data by calculating the size of the interval of
data between a newly found candidate segmenting position
and a last candidate segmenting position of the same or higher
hierarchy level, and then discarding the newly found candi-
date segmenting position if the size of the interval of data is
lower than the minimum size bound, or retaining the newly
found candidate segmenting position if the size of the interval
of data is not lower than the minimum size bound or if there
is no last candidate segmenting position of a same or higher
hierarchy level as the newly found candidate segmenting
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position. In the latter case, when a last candidate segmenting
position of a same or higher hierarchy level becomes avail-
able (e.g. in case of concurrent calculation units of segment-
ing positions), the evaluation is reiterated to converge the
edge segmenting positions of the outputs of consecutive cal-
culation units.

In another embodiment, a computer system is provided for
applying a content defined minimum size bound on content
defined blocks in a data deduplication system using a proces-
sor device, in a computing environment. The computer sys-
tem includes a computer-readable medium and a processor in
operable communication with the computer-readable
medium. In one embodiment, by way of example only, the
processor, applies a content defined minimum size bound on
blocks produced by content defined segmentation of data by
calculating the size of the interval of data between a newly
found candidate segmenting position and a last candidate
segmenting position of the same or higher hierarchy level,
and then discarding the newly found candidate segmenting
position if the size of the interval of data is lower than the
minimum size bound, or retaining the newly found candidate
segmenting position if the size of the interval of data is not
lower than the minimum size bound or if there is no last
candidate segmenting position of a same or higher hierarchy
level as the newly found candidate segmenting position. In
the latter case, when a last candidate segmenting position of a
same or higher hierarchy level becomes available (e.g. in case
of concurrent calculation units of segmenting positions), the
evaluation is reiterated to converge the edge segmenting posi-
tions of the outputs of consecutive calculation units.

In a further embodiment, a computer program product is
provided for applying a content defined minimum size bound
on content defined blocks in a data deduplication system
using a processor device, in a computing environment. The
computer-readable storage medium has computer-readable
program code portions stored thereon. The computer-read-
able program code portions include a first executable portion
that applies a content defined minimum size bound on blocks
produced by content defined segmentation of data by calcu-
lating the size of the interval of data between a newly found
candidate segmenting position and a last candidate segment-
ing position of the same or higher hierarchy level, and then
discarding the newly found candidate segmenting position if
the size of the interval of data is lower than the minimum size
bound, or retaining the newly found candidate segmenting
position if the size of the interval of data is not lower than the
minimum size bound or if there is no last candidate segment-
ing position of a same or higher hierarchy level as the newly
found candidate segmenting position. In the latter case, when
a last candidate segmenting position of a same or higher
hierarchy level becomes available (e.g. in case of concurrent
calculation units of segmenting positions), the evaluation is
reiterated to converge the edge segmenting positions of the
outputs of consecutive calculation units.

In addition to the foregoing exemplary method embodi-
ment, other exemplary system and computer product embodi-
ments are provided and supply related advantages. The fore-
going summary has been provided to introduce a selection of
concepts in a simplified form that are further described below
in the Detailed Description. This Summary is not intended to
identify key features or essential features of the claimed sub-
jectmatter, nor is it intended to be used as an aid in determin-
ing the scope of the claimed subject matter. The claimed
subject matter is not limited to implementations that solve any
or all disadvantages noted in the background.

BRIEF DESCRIPTION OF THE DRAWINGS

In order that the advantages of the invention will be readily
understood, a more particular description of the invention
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briefly described above will be rendered by reference to spe-
cific embodiments that are illustrated in the appended draw-
ings. Understanding that these drawings depict embodiments
of the invention and are not therefore to be considered to be
limiting of its scope, the invention will be described and
explained with additional specificity and detail through the
use of the accompanying drawings, in which:

FIG. 1 is a block diagram illustrating a computing system
environment having an example storage device in which
aspects of the present invention may be realized;

FIG. 2 is a block diagram illustrating a hardware structure
of data storage system in a computer system in which aspects
of the present invention may be realized;

FIG. 3 is ablock diagram illustrating an exemplary method
for identifying a data interval for which a segmenting position
was not found within the maximum size bound in which
aspects of the present invention may be realized;

FIG. 4 is a flowchart illustrating an exemplary method for
calculating hierarchical content defined segmentation in
which aspects of the present invention may be realized;

FIG. 5 is a flowchart illustrating an exemplary method for
using intermediate segmenting positions in which aspects of
the present invention may be realized;

FIG. 6 is a block diagram illustrating usage of lower level
segmenting positions to handle data that does not enable to
produce high level segmenting positions in which aspects of
the present invention may be realized; and

FIG. 7 is a flowchart illustrating an exemplary method for
converging the segmentation outputs of consecutive calcula-
tion units of segmenting positions in which aspects of the
present invention may be realized.

DETAILED DESCRIPTION OF THE DRAWINGS

Data deduplication is a highly important and vibrant field
in computing storage systems. Data deduplication refers to
the reduction and/or elimination of redundant data. In data
deduplication, a data object, which may be a file, a data
stream, or some other form of data, is partitioned into one or
more parts called chunks or blocks. In a data deduplication
process, duplicate copies of data are reduced or eliminated,
leaving a minimal amount of redundant copies, or a single
copy of the data, respectively. The goal of a data deduplica-
tion system is to store a single copy of duplicate data, and the
challenges in achieving this goal are efficiently finding the
duplicate data patterns in a typically large repository, and
storing the data patterns in a storage efficient deduplicated
form. In one embodiment, a fundamental technique underly-
ing deduplication storage systems is a method of segmenting
the data into variable sized blocks (e.g. of mean sizes ranging
from 4 KB to 64 KB), where the blocks’ boundaries are
dependent on the data itself. After segmenting the data into
such blocks, identification values known as digests or finger-
prints are associated with each block of data. The digest
values are commonly cryptographic hash values calculated
based on the blocks’ data. Functions that are widely used are
cryptographic hash functions, such as the Secure Hash Algo-
rithm (SHA) family of functions, e.g. SHA-1 or SHA-256,
and the size of a digest value typically ranges from 16 bytes to
64 bytes. Then, given new input data, the digest values of the
input data are searched in a repository to find matching digest
values of data already stored in the repository. This enables to
identify data matches, and achieve data deduplication.

In one embodiment, a main benefit of having the blocks’
boundaries dependent on the data itself is that such segmen-
tations are robust to changes in the data, specifically inser-
tions and deletions. Namely, if the data is segmented in a way
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that is not data dependent (e.g. fixed size blocks), then an
insertion or deletion of even a single byte somewhere in the
data will change the contents of many of the data blocks and
therefore change their respective digest (hash) values, thus
considerably reducing deduplication effectiveness. If, on the
other hand, the blocks’ boundaries depend on the data itself,
then insertions and deletions affect only a local range of
blocks encompassing these modifications, thus enabling
effective deduplication.

In one embodiment, techniques of determining blocks’
boundaries based on the data are termed as “Content Defined
Chunking” or CDC techniques. In one embodiment, these
techniques are fundamental to data deduplication systems,
and may also be used in many other fields, such as network
bandwidth reduction, replication, remote data synchroniza-
tion, and contents analysis.

However, one of the challenges with existing CDC tech-
niques is that their segmentation results are affected by the
specific high level partition applied on the data. Namely,
different high level partitions of the data will cause existing
CDC techniques to produce different segmentations for the
same data (the extent of difference varies between the meth-
ods). These differences reduce the effectiveness of dedupli-
cation. In one embodiment of a deduplication system, the data
is partitioned into high level 16 MB chunks, and then seg-
mentation into blocks is done within each chunk. Some CDC
techniques apply segmentation conditions, which include a
consideration of the distance from the position in the data
where the segmentation processing starts. For example, such
a consideration can be that the probability for satistying a
segmenting condition increases as the distance from the start-
ing position of the processing unit increases. Another consid-
eration can be avoidance of searching for a segmenting
boundary within a predetermined minimum distance from the
starting position of the processing unit. Such segmentation
conditions increase the sensitivity of these CDC techniques to
the high level partition of the data. Other CDC methods
consider a set of positions (instead of a single position) in
calculating the segmentation condition. Since different high
level partitions of the data may affect the composition of sets
of positions, this again increases the sensitivity of these CDC
techniques to the high level partition of the data. The result of
these dependencies is that different high level partitions of the
data can cause a segmentation method to produce different
segmentations for the same data. Moreover, since each seg-
menting position depends on the previous segmenting posi-
tion, differences in the partitions can be carried forward over
considerable length. This effect considerably reduces dedu-
plication effectiveness, and can be prohibitive for large scale
deduplication systems.

Furthermore, since existing methods are sensitive to the
high level partition of the data, these methods cannot support
parallel calculation of the blocks segmentation without fur-
ther increasing their sensitivity to the data partition. In paral-
lel calculation, the data is partitioned into processing units
and segmentation is calculated for each processing unit inde-
pendently and in parallel to other processing units. Since with
existing segmentation methods, the partition to processing
units affects and modifies their segmentation results, these
methods cannot support parallel calculation of segmentation
without reducing the effectiveness of deduplication.

An additional challenge in existing CDC techniques is that
many existing techniques do not apply a minimum bound and
a maximum bound on the block sizes. A minimum bound is
required for facilitating efficient storage of the blocks’ infor-
mation, because if there is no minimum bound then a block
size can be very small, thus possibly producing an increased
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amount of blocks, and increasing the storage size that should
be allocated for storing the blocks” information. A maximum
bound is required to improve the deduplication effectiveness,
because large blocks increase the loss of deduplication result-
ing from modifications in the data, as any change in the data
of a block also probabilistically changes the digest value of
the block. In addition, applying minimum and maximum size
bounds reduces the variance of the block sizes, which
increases the effectiveness of deduplication. Existing meth-
ods that apply a minimum bound on the block sizes com-
monly increase the sensitivity of their segmentation results to
the high level partition of the data. Existing methods that
apply a maximum bound on the block sizes commonly apply
a maximum bound which is arbitrary and not data dependent,
thus reducing the effectiveness of deduplication.

Some of the existing CDC techniques have several algo-
rithmic parameters with a large space of possible parameter
values. For such methods, the effects, or the extents of the
effects, of the parameters’ values can be unclear, and can
require experimental tuning. Moreover, the effects of param-
eters’ values may depend on the properties of the workloads
being processed, causing the prediction of these effects to be
difficult, and making the scheme complex for tuning, requir-
ing different values for different workloads.

The challenges of existing CDC techniques specified
above cause existing techniques to be inappropriate for the
requirements of large-scale and high-end deduplication sys-
tems, hence a new segmentation algorithm is required to
overcome these challenges. The present invention seeks to
provide a solution to these challenges by providing a new
segmentation algorithm designed based on the following
goals. 1) The output segmentation of the algorithm should be
independent of the high level partition of the data. Namely,
the algorithm should provide the same output segmentation
for the same data, independently of the high level partition of
the data. 2) The algorithm should support parallel calculation
of block segmentation, to increase efficiency and perfor-
mance. 3) The algorithm should apply data dependent maxi-
mum and minimum size bounds on the generated blocks. The
segmenting positions generated by the application of the
maximum and minimum size bounds should be data depen-
dent, as well as independent of the effects of high level par-
tition. 4) The algorithm should be general in terms of not
requiring tuning for specific workload types. To facilitate this,
the algorithm should have no more than a few clear to under-
stand parameters, with limited ranges of values and predict-
able effects.

In one embodiment, the present invention calculates a roll-
ing hash value for each seed (a seed is a small fixed sized
block of data of'e.g. 64 bytes) at each byte position in the data.
The size of a rolling hash value may be for example 8 bytes.
Block boundaries are calculated based on the rolling hash
values, by evaluating a segmenting condition, as elaborated in
the following. A key idea underlying the algorithm of the
present invention is that each rolling hash value is evaluated
using the segmenting condition independently of other roll-
ing hash values. In other words, the algorithm is stateless in
evaluating a rolling hash value using the segmenting condi-
tion. The reason for this is that this enables the segmentation
results of the algorithm to be independent of the high level
partition of the data. Such high level partition (as specified
previously) can originate from partitioning of the data into
high level chunks or/and into parallel processing units. If, by
contrast, evaluation of a rolling hash value using the segment-
ing condition is affected also by a state maintained by the
algorithm, which depends on previous rolling hash values, or
if a set of rolling hash values are evaluated together using the
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segmenting condition, then this causes the output segmenta-
tion to be considerably more dependent on the high level
partition of the data. This is because the high level partition
affects the grouping of the rolling hash values. Therefore, by
designing the algorithm to be stateless, by evaluating only
individual rolling hash values independently, the segmenta-
tion results of the algorithm become independent of the high
level partition of the data.

A further main key idea underlying the algorithm of the
present invention is a novel design of hierarchical segmenta-
tion conditions. In one embodiment, by way of example only,
each condition on the hierarchy is associated with a specific
segmenting probability, such that a condition with a lower
segmenting probability is higher on the hierarchy. The reason
is that a lower segmenting probability produces segmenting
positions, which are more statistically significant. The main
benefit of introducing a hierarchy of segmenting probabilities
and associated segmenting conditions is that this model
enables the algorithm to select and apply an appropriate seg-
menting probability for specific sections in the data where the
highest level segmenting condition does not produce a seg-
menting position. Sections in the data that are characterized
by frequent recurrence of specific patterns can cause inability
to produce a highest level segmenting position, and for such
sections the algorithm of this invention selects the best alter-
native segmentation probability to produce optimal segmen-
tation. The segmenting conditions are designed such that if a
hash value satisfies a specific segmenting condition, then that
hash value also satisfies all the segmenting conditions which
are of lower level on the hierarchy than that segmenting
condition; and if a hash value does not satisfy a specific
segmenting condition, then that hash value also does not
satisfy the segmenting conditions which are of higher level on
the hierarchy than that segmenting condition.

In one embodiment, the algorithm of the present invention
applies a maximum bound on the size of the produced blocks,
such that the segmenting positions produced by applying the
maximum size bound are data dependent. This is in contrast to
existing methods that apply a maximum size bound by apply-
ing arbitrary segmenting positions, which are not data depen-
dent, thus reducing the effectiveness of deduplication. By
applying a maximum size bound, which is data dependent, by
the algorithm of the present invention, the deduplication
effectiveness is considerably increased. Generally, a maxi-
mum size bound is required to improve the deduplication
effectiveness, because large blocks increase the loss of dedu-
plication resulting from modifications in the data, as any
change in the data of a block also probabilistically changes
the digest value of the block. In addition, applying a maxi-
mum size bound helps in reducing the variance of the block
sizes, and reducing this variance increases the effectiveness
of deduplication.

As described herein, to apply a data dependent maximum
size bound the algorithm of the present invention calculates
the size of the interval of data between a newly found candi-
date segmenting position and a last candidate segmenting
position of the same or higher hierarchy level, and if the size
of the interval exceeds the maximum size bound the algo-
rithm uses candidate segmenting positions of lower hierarchy
level to segment that interval. Cases where the size of an
interval exceeds the maximum bound occur where there is
frequent recurrence of specific characters or data patterns in
an interval of data, which causes a reduction in the numeric
range of the rolling hash values. The algorithm of the present
invention identifies this and applies segmenting positions of a
lower hierarchy level for segmenting such intervals. The hier-
archy level determined by the algorithm is selected dynami-
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cally to be the highest possible hierarchy level for the specific
interval of data. If the size of the interval does not exceed the
maximum bound then the candidate segmenting positions of
lower hierarchy level on the interval are discarded.

In one embodiment, the algorithm of the present invention
applies a minimum bound on the size of the produced blocks,
which is data dependent, and does not increase the sensitivity
of'the produced segmentation to the high level partition of the
data. A minimum size bound is required for facilitating effi-
cient storage of blocks’ information, because if there is no
minimum size bound then a block size can be very small, thus
entailing an increased amount of storage that should be allo-
cated for storing the block’s information. In addition, apply-
ing a minimum size bound helps in reducing the variance of
the block sizes, which increases the effectiveness of dedupli-
cation. Many existing methods do not apply a minimum size
bound; and those which do apply a minimum bound, increase
the sensitivity of their segmentation results to the high level
partition of the data, because applying a minimum size bound
adds a state to the processing.

In one embodiment, the algorithm of the present invention
applies a minimum size bound only in cases where there is a
confirmed previous segmenting position, in order to mini-
mize sensitivity to the high level partition of the data. The
algorithm of the present invention calculates the size of the
interval of data between a newly found candidate segmenting
position and a last candidate segmenting position of the same
or higher hierarchy level, and only if the size of the interval of
data is lower than the minimum size bound, the algorithm
discards the newly found candidate segmenting position.
However, if there is no last candidate segmenting position of
the same or higher hierarchy level (e.g. at the beginning of a
processing unit or a high level chunk), or if the size of the
interval is not lower than the minimum size bound, then the
algorithm retains a newly found candidate segmenting posi-
tion. In the first case, when a last candidate segmenting posi-
tion of a same or higher hierarchy level becomes available
(e.g. in case of concurrent calculation units of segmenting
positions), the evaluation is reiterated to converge the edge
segmenting positions of the outputs of consecutive calcula-
tion units.

In addition, the algorithm of the present invention has very
few parameters, and the effects of these parameters are pre-
dictable. Thus, the algorithm is general in the sense that it
does not require tuning for specifies workload types. In one
embodiment, the present invention solves several fundamen-
tal problems of existing CDC methods. First, it produces
output segmentations that are independent of any high level
partition of the data. Second, it supports parallel calculation
of'block segmentation, thus increasing efficiency and perfor-
mance. Third, it applies content defined maximum and mini-
mum size bounds on the generated blocks, which are also
independent of the effects of high level partition. Fourth, it is
general and does not require tuning for specific workload
types.

In one embodiment, the present invention provides a solu-
tion for segmenting data into variable size blocks based on
content defined positions in a data deduplication system using
a processor device in a computing environment. In one
embodiment, by way of example only, segmenting probabili-
ties and associated segmenting conditions are defined, where
each of the segmenting conditions is associated with one of
the segmenting probabilities. The segmenting conditions are
ordered in accordance with their associated segmenting prob-
abilities to form a hierarchy of the segmenting conditions.
The segmenting condition associated with a highest segment-
ing probability is defined to be a lowest level segmenting
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condition in the hierarchy of the segmenting conditions, and
the segmenting condition associated with a lowest segment-
ing probability is defined to be a highest level segmenting
condition in the hierarchy of the segmenting conditions. Hash
values are calculated for each seed block in each consecutive
byte position in the data. Each one of the hash values is
evaluated using the segmenting conditions. A segmenting
position is determined in the data for each hash value that
satisfies one of the segmenting conditions.

Turning now to FIG. 1, exemplary architecture 10 of a
computing system environment is depicted. The computer
system 10 includes central processing unit (CPU) 12, which is
connected to communication port 18 and memory device 16.
The communication port 18 is in communication with a com-
munication network 20. The communication network 20 and
storage network may be configured to be in communication
with server (hosts) 24 and storage systems, which may
include storage devices 14. The storage systems may include
hard disk drive (HDD) devices, solid-state devices (SSD) etc.,
which may be configured in a redundant array of independent
disks (RAID). The operations as described below may be
executed on storage device(s) 14, located in system 10 or
elsewhere and may have multiple memory devices 16 work-
ing independently and/or in conjunction with other CPU
devices 12. Memory device 16 may include such memory as
electrically erasable programmable read only memory (EE-
PROM) or a host of related devices. Memory device 16 and
storage devices 14 are connected to CPU 12 via a signal-
bearing medium. In addition, CPU 12 is connected through
communication port 18 to a communication network 20, hav-
ing an attached plurality of additional computer host systems
24. In addition, memory device 16 and the CPU 12 may be
embedded and included in each component of the computing
system 10. Each storage system may also include separate
and/or distinct memory devices 16 and CPU 12 that work in
conjunction or as a separate memory device 16 and/or CPU
12.

FIG. 2 is an exemplary block diagram 200 showing a
hardware structure of a data storage system in a computer
system according to the present invention. Host computers
210, 220, 225, are shown, each acting as a central processing
unit for performing data processing as part of a data storage
system 200. The cluster hosts/nodes (physical or virtual
devices), 210, 220, and 225 may be one or more new physical
devices or logical devices to accomplish the purposes of the
present invention in the data storage system 200. In one
embodiment, by way of example only, a data storage system
200 may be implemented as IBM® ProtecTIER® deduplica-
tion system TS7650G™. A Network connection 260 may be
a fibre channel fabric, a fibre channel point to point link, a
fibre channel over ethernet fabric or point to point link, a
FICON or ESCON I/O interface, any other I/O interface type,
a wireless network, a wired network, a LAN, a WAN, hetero-
geneous, homogeneous, public (i.e. the Internet), private, or
any combination thereof. The hosts, 210,220, and 225 may be
local or distributed among one or more locations and may be
equipped with any type of fabric (or fabric channel) (not
shown in FIG. 2) or network adapter 260 to the storage con-
troller 240, such as Fibre channel, FICON, ESCON, Ethernet,
fiber optic, wireless, or coaxial adapters. Data storage system
200 is accordingly equipped with a suitable fabric (not shown
in FIG. 2) or network adaptor 260 to communicate. Data
storage system 200 is depicted in FIG. 2 comprising storage
controllers 240 and cluster hosts 210, 220, and 225. The
cluster hosts 210, 220, and 225 may include cluster nodes.

To facilitate a clearer understanding of the methods
described herein, storage controller 240 is shown in FIG. 2 as
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a single processing unit, including a microprocessor 242,
system memory 243 and nonvolatile storage (“NVS”) 216. It
is noted that in some embodiments, storage controller 240 is
comprised of multiple processing units, each with their own
processor complex and system memory, and interconnected
by a dedicated network within data storage system 200. Stor-
age 230 (labeled as 230a, 2305, and 2307 in FIG. 3) may be
comprised of one or more storage devices, such as storage
arrays, which are connected to storage controller 240 (by a
storage network) with one or more cluster hosts 210, 220, and
225 connected to each storage controller 240.

In some embodiments, the devices included in storage 230
may be connected in a loop architecture. Storage controller
240 manages storage 230 and facilitates the processing of
write and read requests intended for storage 230. The system
memory 243 of storage controller 240 stores program instruc-
tions and data, which the processor 242 may access for
executing functions and method steps of the present invention
for executing and managing storage 230 as described herein.
In one embodiment, system memory 243 includes, is in asso-
ciation with, or is in communication with the operation soft-
ware 250 for performing methods and operations described
herein. As shown in FIG. 2, system memory 243 may also
include or be in communication with a cache 245 for storage
230, also referred to herein as a “cache memory”, for bufter-
ing “write data” and “read data”, which respectively refer to
write/read requests and their associated data. In one embodi-
ment, cache 245 is allocated in a device external to system
memory 243, yet remains accessible by microprocessor 242
and may serve to provide additional security against data loss,
in addition to carrying out the operations as described in
herein.

In some embodiments, cache 245 is implemented with a
volatile memory and nonvolatile memory and coupled to
microprocessor 242 via a local bus (not shown in FIG. 2) for
enhanced performance of data storage system 200. The NVS
216 included in data storage controller is accessible by micro-
processor 242 and serves to provide additional support for
operations and execution of the present invention as described
in other figures. The NVS 216, may also referred to as a
“persistent” cache, or “cache memory” and is implemented
with nonvolatile memory that may or may not utilize external
power to retain data stored therein. The NVS may be stored in
and with the cache 245 for any purposes suited to accomplish
the objectives ofthe present invention. In some embodiments,
a backup power source (not shown in FIG. 2), such as a
battery, supplies NVS 216 with sufficient power to retain the
data stored therein in case of power loss to data storage
system 200. In certain embodiments, the capacity of NVS 216
is less than or equal to the total capacity of cache 245.

Storage 230 may be physically comprised of one or more
storage devices, such as storage arrays. A storage array is a
logical grouping of individual storage devices, such as a hard
disk. In certain embodiments, storage 230 is comprised of a
JBOD (Just a Bunch of Disks) array or a RAID (Redundant
Array of Independent Disks) array. A collection of physical
storage arrays may be further combined to form a rank, which
dissociates the physical storage from the logical configura-
tion. The storage space in a rank may be allocated into logical
volumes, which define the storage location specified in a
write/read request.

In one embodiment, by way of example only, the storage
system as shown in FIG. 2 may include a logical volume, or
simply “volume,” may have different kinds of allocations.
Storage 230a, 2305 and 2307 are shown as ranks in data
storage system 200, and are referred to herein as rank 230aq,
23056 and 2307. Ranks may be local to data storage system
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200, or may be located at a physically remote location. In
other words, a local storage controller may connect with a
remote storage controller and manage storage at the remote
location. Rank 230¢ is shown configured with two entire
volumes, 234 and 236, as well as one partial volume 232a.
Rank 2305 is shown with another partial volume 2325. Thus
volume 232 is allocated across ranks 230a and 2305. Rank
230 is shown as being fully allocated to volume 238—that is,
rank 230z refers to the entire physical storage for volume 238.
From the above examples, it will be appreciated that a rank
may be configured to include one or more partial and/or entire
volumes. Volumes and ranks may further be divided into
so-called “tracks,” which represent a fixed block of storage. A
track is therefore associated with a given volume and may be
given a given rank.

The storage controller 240 may include a data duplication
module 255 and a data segmenting module 257. The data
duplication module 255 and the data segmenting module 257
may work in conjunction with each and every component of
the storage controller 240, the hosts 210, 220, 225, and stor-
age devices 230. The data duplication module 255 and the
data segmenting module 257 may be structurally one com-
plete module or may be associated and/or included with other
individual modules. The data duplication module 255 and the
data segmenting module 257 may also be located in the cache
245 or other components.

The storage controller 240 includes a control switch 241
for controlling the fiber channel protocol to the host comput-
ers 210, 220, 225, a microprocessor 242 for controlling all the
storage controller 240, a nonvolatile control memory 243 for
storing a microprogram (operation software) 250 for control-
ling the operation of storage controller 240, data for control,
cache 245 for temporarily storing (buffering) data, and buft-
ers 244 for assisting the cache 245 to read and write data, a
control switch 241 for controlling a protocol to control data
transfer to or from the storage devices 230, the data duplica-
tion module 255 and/or the data segmenting module 257, in
which information may be set. Multiple buffers 244 may be
implemented with the present invention to assist with the
operations as described herein. In one embodiment, the clus-
ter hosts/nodes, 210, 220, 225 and the storage controller 240
are connected through a network adaptor (this could be a fibre
channel) 260 as an interface i.e., via at least one switch called
“fabric.”

In one embodiment, the host computers or one or more
physical or virtual devices, 210, 220, 225 and the storage
controller 240 are connected through a network (this could be
afibre channel) 260 as an interface i.e., via at least one switch
called “fabric.” In one embodiment, the operation of the sys-
tem shown in FIG. 2 will be described. The microprocessor
242 may control the memory 243 to store command informa-
tion from the host device (physical or virtual) 210 and infor-
mation for identifying the host device (physical or virtual)
210. The control switch 241, the buffers 244, the cache 245,
the operating software 250, the microprocessor 242, memory
243, NVS 216, data duplication module 255 and the data
segmenting module 257 are in communication with each
other and may be separate or one individual component(s).
Also, several, if not all of the components, such as the opera-
tion software 250 may be included with the memory 243.
Each of the components within the devices shown may be
linked together and may be in communication with each other
for purposes suited to the present invention. As mentioned
above, the data duplication module 255 and the data segment-
ing module 257 may also be located in the cache 245 or other
components. As such, the data duplication module 255 and
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the data segmenting module 257 maybe used as needed,
based upon the storage architecture and users preferences.

In one embodiment, the algorithm of the present invention
evaluates each rolling hash value independently using the
segmenting conditions, in search for a segmenting position.
Generally, the segmenting conditions are designed based on
the following form: [Rolling hash value] modulo [Divisor]=
[Residue], where the Divisor and Residue values are pre-
defined, and O<=[Residue]<[Divisor]. When the hash values
are random and are uniformly distributed over their full
numeric space, the above segmenting condition is satisfied in
accordance with the probability P,=1/[Divisor]. The prob-
ability for not satisfying the above segmenting condition after
scanning M random hash values is: P, (M)=(1-P Y*=(1-(1/
[Divisor])Y*. For example, for a 1K Divisor P,=1/1024.
Therefore: P, (1K)=0.3677; P,(2K)=0.1352; P (4K)=0.0183;
P, (8K)=0.0003. So, for a 1K Divisor, 8K can be a reasonable
maximum bound on the number of hash values to scan for
finding a segmenting position.

However, there may be sections of data where the numeric
space of the generated hash values is limited. This occurs in
sections where specific patterns of data or specific characters
appear in a sequence or recur frequently. In cases of a
sequence of a specific character, also referred to as a “run”, a
single rolling hash value is produced for most of the length of
the run. A limited numeric space of the rolling hash values
increases the probability of not satisfying the segmenting
condition within the maximum size bound, relative to data
without such recurrences.

Turning now to FIG. 3 is a block diagram 300 illustrating
an exemplary method for identifying a data interval for which
a segmenting position was not found within the maximum
size bound in which aspects of the present invention may be
realized. In one embodiment, the algorithm of the present
invention identifies a data interval 304 for which a segment-
ing position was not found within the maximum size bound
308, by identitying that the size of the interval 304 between
two already determined segmenting positions 3064 and 3065
within normal data 302a and 3025 exceeds the maximum size
bound 308, defined based on the segmenting probability P_
(e.g. 8K values in the example above). This is by contrast to
other techniques, which consider the distance between a pre-
vious segmenting position and the current position in the
scan, where the current position in the scan is not a data
dependent segmenting position and is arbitrary.

In one embodiment, to provide quality data dependent
segmenting positions for data intervals exceeding the maxi-
mum size bound (i.e. for which segmenting positions were
not found), the algorithm of the present invention uses a set of
additional segmenting conditions having segmenting prob-
abilities which are higher than the main segmenting probabil-
ity used. These additional segmenting conditions are evalu-
ated in the same calculation of evaluating the main
segmenting condition. While the additional segmenting con-
ditions are more likely to produce segmenting positions in a
given interval of data, relative to the main segmenting condi-
tion, since these additional segmenting conditions have
higher segmenting probabilities their produced segmenting
positions are statistically less significant. Therefore, the algo-
rithm of the present invention selects the segmenting posi-
tions produced by the lowest segmenting probability that
generated segmenting positions for the data interval being
processed. In one embodiment of the present invention, by
way of example, 4 segmenting probabilities may be defined:
1/1024, 1/256, 1/128, and 1/64.

In cases of runs of an individual character, the produced
rolling hash values are identical throughout most ofthe length
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of the run. In such cases, even the highest segmenting prob-
ability defined will probabilistically not produce a segment-
ing position. Therefore, a case where all the segmenting prob-
abilities did not produce a segmenting position in an interval
of data whose size exceeds the maximum size bound, is
handled by the algorithm of'the present invention by applying
a fixed size segmentation to that data interval. Since there is
sufficiently high probability that such an interval of data
consists of a run, the fixed size segmentation produces with
high probability blocks of identical size, identical contents
and an identical digest value, which enable effective dedupli-
cation of this data.

In one embodiment, to apply varying segmentation prob-
abilities, two types of segmenting conditions are introduced.
The first type is denoted as ‘Varying modulo results’, and
includes a first (highest hierarchy level) condition as follows:
([Hash value] & ([Divisor]-1))=[Residue]; and includes the
following (lower hierarchy level) conditions: ([Hash value] &
([Divisor]-1))<([Divisor]/[Target inverse probability]). In
one embodiment, the second type is denoted as ‘Varying
modulo divisors’, and includes a first (highest hierarchy level)
condition as follows: ([Hash value] & ([ Divisor]-1))=[Resi-
due]; and includes the following (lower hierarchy level) con-
ditions: ([Hash value] & ([Target inverse probability]-1))=
[Residue].

Usage of the bitwise And operator in the conditions above
produces a modulo result assuming that the divisor is a power
of 2. Itis also assumed that the target inverse probabilities are
all power of 2 values. So the ‘Varying modulo results’ condi-
tions are equivalent to:

([Hash value| modulo [Divisor|)=[Residue]; and

([Hash value] modulo [Divisor])<([Divisor]/[ Target inverse
probability]);

and the “Varying modulo divisors’ conditions are equivalent
to:

([Hash value| modulo [Divisor|)=[Residue]; and

([Hash value] modulo [Target inverse probability])=[Resi-
due].

The Divisor value can be for example 1024, and the Target
inverse probability values used in the lower hierarchy level
conditions can be for example: 256, 128, 64. This is assuming
that 4 levels of probabilities are defined; but there may be
more probabilities or fewer probabilities defined. These
example values yield that, for both types of segmenting con-
ditions, the first condition yields a segmenting probability of
1/1024, and the following segmenting conditions yield the
following segmenting probabilities: 1/256, 1/128, 1/64.

Both types of segmenting conditions are designed to be
hierarchical, namely if a position is a segmenting position by
a specific condition on the hierarchy, then that position is also
a segmenting position by the conditions which are lower on
the hierarchy, i.e. with higher segmenting probabilities, than
that condition. The hierarchical structure is achieved by the
following properties:

(a) The [Divisor| value and [Target inverse probabilities]
values are all power of 2 values;

(b) [Divisor|>[Target inverse probability],> . . . >[Target
inverse probability],, where there are T target inverse prob-
abilities;

(¢) [Residue]<MIN{[Divisor]/[Target inverse prob-
ability],_,  ,} for the first type of conditions; and [Resi-
due]<MIN{[Target inverse probability],_,  ,} for the sec-
ond type of conditions.

Because of the hierarchy property of the segmenting con-
ditions, it also applies that if a position is not a segmenting
position by a specific condition on the hierarchy, then that
position is also not a segmenting position by the conditions,
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which are higher on the hierarchy, i.e. with lower segmenting
probabilities, than that condition. Therefore, it is efficient that
for each position (namely for each rolling hash value), the
segmenting conditions will be evaluated in an order from the
lowest hierarchy level (highest segmenting probability) con-
dition to the highest hierarchy level (lowest segmenting prob-
ability) condition. The reason is that most hash values do not
satisfy any of the segmenting conditions, and so evaluating
first the lowest hierarchy level condition enables to avoid
evaluation of the rest of the conditions for most of the hash
values. Itis further noted that all the elements in the segment-
ing conditions specified above, except the hash value, are
predefined constants, known at compile time, and therefore
the calculation of these conditions is fast and optimized by the
compiler.

In one embodiment, the algorithm of the present invention
scans the rolling hash values linearly, and evaluates the seg-
menting conditions for each rolling hash value, starting with
the lowest hierarchy level (highest segmenting probability)
condition, and continuing to higher hierarchy level (lower
segmenting probability) conditions, as long as the previous
lower hierarchy level condition was satisfied. The evaluation
stops at the first segmenting condition on the hierarchy which
is not satisfied, identifying the highest level condition on the
hierarchy that was satisfied. If the condition lowest on the
hierarchy is not satisfied, then the hash value being evaluated
is not a segmenting hash value and does not signify a seg-
menting position. If at least one of the segmenting conditions
is satisfied by the hash value, then the hash value being
evaluated is a segmenting hash value, signifying a segment-
ing position, and assigned with the hierarchy level of the
highest level condition that has been satisfied by that hash
value.

In one embodiment, the algorithm of the present invention
performs a linear scan of the rolling hash values, and does not
backtrack. Segmenting positions of lower hierarchy levels are
recorded in memory by the algorithm, and actually used only
if the distance between two consecutive segmenting positions
produced by higher hierarchy level conditions exceeds the
maximum size bound.

In one embodiment, the algorithm of the present invention
applies a minimum bound and a maximum bound on the sizes
of the produced blocks, such that the results are independent
of the high level partition of the data, and the segmenting
positions (i.e. blocks’ boundaries) are always data dependent.
The calculations and operations of the algorithm which are
related to the minimum and maximum size bounds are per-
formed based on already found two consecutive segmenting
positions. This is unique to the algorithm of the present inven-
tion, and different from existing algorithms, which apply such
calculations based on arbitrary positions, i.e. positions that
are not data dependent. In the algorithm of the present inven-
tion, a newly found segmenting position is compared to the
last segmenting position, which is of the same or higher
hierarchy level (namely not necessarily compared to the
actual last segmenting position found, as it may not be of the
same or higher hierarchy level).

Application of the minimum size bound is achieved by
using the following method: If the size of the data interval
between a newly found segmenting position and the last seg-
menting position of the same or higher hierarchy level (as the
newly found segmenting position), is smaller than the mini-
mum size bound, then the newly found segmenting position is
discarded. If, alternatively, there is no last segmenting posi-
tion of the same or higher hierarchy level, or the size of the
above interval is not smaller than the minimum size bound,
then the newly found segmenting position is retained. If,
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further in the processing, a last segmenting position of the
same or higher hierarchy level becomes available (e.g. in case
of concurrent calculation of the segmenting positions), then
the application of a minimum size bound is reiterated to
converge the edge segmenting positions of the output seg-
mentations of consecutive calculation units.

Application of the maximum size bound is achieved by
using the following method: If the size of the data interval
between a newly found segmenting position and the last seg-
menting position of the same or higher hierarchy level (as the
newly found segmenting position), is larger than the maxi-
mum size bound, then the algorithm uses the lower hierarchy
level segmenting positions recorded for the data interval to
segment that interval. If, alternatively, the size of the interval
is not larger than the maximum size bound, then the lower
hierarchy level segmenting positions recorded for that inter-
val are discarded.

Following, as illustrated in FIGS. 4, 5, and 6, the algorithm
of the present invention for calculating hierarchical content
defined segmentation of data into blocks is specified. Turning
now first to FIG. 4, a flowchart illustrating an exemplary
method for calculating hierarchical content defined segmen-
tation of data into blocks in which aspects of the present
invention may be realized is depicted. The method 400 begins
(step 402), and receives an input that is a set of rolling hash
values calculated for the input data (step 404). Each input
hash value is processed individually by the method 400 deter-
mining if there are additional hash values to process (step
406). If there is no additional hash value to process, the
method 400 ends (step 432). If there is an additional hash
value to process, the method 400 proceeds to evaluate the
segmenting conditions for the current hash value in accor-
dance with the hierarchy order, as elaborated previously, to
determine the segmenting condition of the highest possible
hierarchy level that is satisfied by the current hash value (step
408). The method 400 checks if a condition of a highest
possible hierarchy level was satisfied by the current hash
value (step 410). If no, the method 400 returns to step 406. If
yes, the algorithm checks if there is a last segmenting position
of the same or higher hierarchy level (step 412). For this
query, a data structure containing records of the last segment-
ing positions of each hierarchy level is queried (step 414). If
yes, the method 400 calculates the size of the data interval
between the current segmenting position and the last seg-
menting position of the same or higher hierarchy level (step
418). The method 400 checks if the interval size is smaller
than the minimum size bound (step 420). If yes, the method
400 discards the current segmenting position (step 422) and
returns to step 406. If no, the method 400 checks if the interval
size is larger than the maximum size bound (step 424). If no
(case (a) in FIG. 6), then all the intermediate lower level
segmenting positions between the current segmenting posi-
tion and the last segmenting position of the same or higher
hierarchy level are discarded (step 426), and the method 400
proceeds to step 430. If yes (case [b] in FIG. 6), then the
intermediate lower level segmenting positions, if exist,
between the current segmenting position and the last seg-
menting position of the same or higher hierarchy level, are
used to segment the data interval (step 428). The reason for
using the intermediate lower level segmenting positions in
this case is that these segmenting positions and their associ-
ated higher segmenting probabilities are better suited for
segmenting the specific data in this interval. Further elabora-
tion on step 428 is provided in FIG. 5. From both steps 428
and 426, the method 400 proceeds to update the record of the
last segmenting position of the same hierarchy level as the
current segmenting position and the records of the hierarchy
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levels below it, to be the current segmenting position (step
430), and then returns to step 406. Returning to step 412, if
there is no last segmenting position of the same or higher
hierarchy level (i.e. no last segmenting position to serve as
reference), then the distance between the current segmenting
position and the unknown last reference position is also
unknown at this stage. Specifically, it is not known at this
stage if that distance is lower than the minimum size bound,
higher than the maximum size bound, or in between these
bounds. Therefore, the method 400 proceeds to use the cur-
rent segmenting position, also in the cases where the distance
from the beginning of the data processing unit is smaller than
the minimum size bound. Further calculation for the current
segmenting position is applied when a last reference segment-
ing position becomes known and available. The method 400
also keeps the intermediate previous lower level segmenting
positions, except for a last segmenting position if it does not
allow a minimum segment size from the new segmenting
position (step 416). The method 400 then returns to step 406.

FIG. 5 is a flowchart illustrating an exemplary method 500
for using intermediate segmenting positions in which aspects
of the present invention may be realized. In FIG. 5, which
expands step 428 in FIG. 4, the method 500 begins (step 502).
The method 500 calculates the interval size between the cur-
rent segmenting position and the last intermediate segment-
ing position (step 504). The method 500 then checks if the
calculated interval size is smaller than the minimum size
bound (step 506). If yes, the method 500 discards the last
intermediate segmenting position (step 508), since this posi-
tion does not allow a minimum interval size considering the
new segmenting position. All previous segmenting positions
have at least a minimum distance from the segmenting posi-
tion that is being discarded, and thus also have at least a
minimum distance from the new segmenting position. The
method 500 then ends (step 514). If no, the method 500
checks if the calculated interval size is larger than the maxi-
mum size bound (step 510). If yes, the algorithm adds inter-
mediate fixed size segmenting positions into the calculated
interval (step 512), and then ends (step 514). If no, the method
500 ends (step 514).

To implement concurrent calculation of segmenting posi-
tions, the data is partitioned into concurrent calculation units.
The sizes of the segmentation outputs of the concurrent cal-
culation units are variable, however these sizes have a maxi-
mum bound, which is based on the minimum block size. In
addition, the segmentation outputs of the concurrent calcula-
tion units have to be converged, since previous reference
segmenting positions become available during the calcula-
tion.

FIG. 6 is a block diagram illustrating usage of lower level
segmenting positions to handle data that does not enable to
produce high level segmenting positions in which aspects of
the present invention may be realized. As mentioned above,
FIG. 6 illustrates case (a) 625 where the size of the data
interval between the new high level segmenting position 610a
and the previous high level segmenting position 606a is
smaller than the maximum size bound 604q. In this case the
intermediate lower level segmenting positions 6084, between
the high level segmenting positions 6064 and 610aq, are dis-
carded. The minimum size bound 602« is also illustrated. In
case (b) 650, the size of the data interval between the new high
level segmenting position 6106 and the previous high level
segmenting position 6065 is larger than the maximum size
bound 6045. In this case the intermediate lower level seg-
menting positions 6085, between the high level segmenting
positions 6065 and 6105, are used to segment the data interval
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between the high level segmenting positions 6065 and 6105.
The minimum size bound 6025 is also illustrated.

To converge the segmentation outputs of concurrent calcu-
lation units of the segmenting positions, the method specified
in FIG. 7 is applied. FIG. 7 is a flowchart illustrating an
exemplary method 700 for converging the segmentation out-
puts of consecutive calculation units of a concurrent calcula-
tion of segmenting positions in which aspects of the present
invention may be realized. The method 700 begins (step 702)
and inputs the edge segmenting positions of the outputs of
two consecutive calculation units of segmenting positions
(step 704). The method 700 calculates the size of the interval
between the first highest level segmenting position in the
latter unit and the last highest level segmenting position in the
previous unit (step 706). The method 700 checks if the cal-
culated interval size is smaller than the minimum size bound
(step 708). If yes, the method 700 discards the latter highest
level segmenting position and all the intermediate segment-
ing positions in between the two highest level segmenting
positions (step 710), and then the method 700 ends (step 718).
If no, the method 700 checks if the calculated interval size is
smaller or equal to the maximum size bound (step 712). Ifyes,
the method 700 discards the segmenting positions between
the two edge highest level segmenting positions of the two
calculation units (step 714), and then the method 700 ends
(step 718). If no, the method 700 retains the segmenting
positions between the two edge highest level segmenting
positions of the two calculation units, and also merges the last
segment of the previous calculation unit into the first segment
of'the latter calculation unit, if the last segment of the previous
calculation unit is ended by the end of the calculation unit data
(and not by a segmenting position) (step 716). The method
700 then ends (step 718).

In one embodiment, the present invention provides a solu-
tion for applying a content defined maximum size bound on
content defined blocks in a data deduplication system using a
processor device in a computing environment. In one embodi-
ment, by way of example only, segmenting probabilities and
segmenting conditions are defined where each of the seg-
menting conditions is associated with one of segmenting
probabilities. Each one of the segmenting conditions is
ordered in accordance with their associated segmenting prob-
abilities to form a hierarchy of the segmenting conditions. A
segmenting condition associated with a highest segmenting
probability is defined to be a lowest level segmenting condi-
tion in the hierarchy of the segmenting conditions and the
segmenting condition associated with a lowest segmenting
probability is defined to be a highest level segmenting condi-
tion in the hierarchy of the segmenting conditions. A maxi-
mum bound on a size of a block is defined. Hash values are
calculated for each seed block in each consecutive byte posi-
tion in data. Each one ofthe hash values is evaluated using the
segmenting conditions. A position of one of the hash values is
determined as a candidate segmenting position inthe dataifat
least one of the segmenting conditions is satisfied by the hash
value. A hierarchy level of a candidate segmenting position is
defined as the hierarchy level of the highest level segmenting
condition that is satisfied by the one of the plurality of hash
values of the candidate segmenting position. Candidate seg-
menting positions are recorded with hierarchy levels of the
candidate segmenting positions. The size of the interval of
data is calculated between a newly found candidate segment-
ing position and a previous candidate segmenting position.
The candidate segmenting positions of the interval of data is
determined to be actual segmenting positions if the size of the
interval of data exceeds the maximum bound on the size of the
block.
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In one embodiment, the present invention defines the pre-
vious candidate segmenting position to be the last candidate
segmenting position of a same or higher hierarchy level as the
newly found candidate segmenting position.

In one embodiment, the present invention defines the can-
didate segmenting positions of the interval of data to be of
lower hierarchy level than the newly found candidate seg-
menting position. In one embodiment, the present invention
maintains for each level of hierarchy the last candidate seg-
menting position of the same or higher hierarchy level.

In one embodiment, the present invention discards candi-
date segmenting positions of the interval of data if the size of
the interval of data does not exceed the maximum bound on
the size of a block.

In one embodiment, the present invention applies segmen-
tation of the interval of data to blocks of a predefined size, if
the size of the interval of data exceeds the maximum bound on
the size of a block and there are no candidate segmenting
positions of the interval of data. The maximum bound on the
size of a block is defined based on the lowest probability of
segmentation.

In one embodiment, the present invention defines that if a
hash value satisfies one of the segmenting conditions, then
that hash value also satisfies the segmenting conditions which
are of lower level on the hierarchy than the one segmenting
condition; and further defining that if a hash value does not
satisfy one of the segmenting conditions, then that hash value
also does not satisty the segmenting conditions which are of
higher level on the hierarchy than the one segmenting condi-
tion.

In one embodiment, the present invention provides a solu-
tion for applying a content defined minimum size bound on
content defined blocks in a data deduplication system using a
processor device in a computing environment. In one embodi-
ment, the present invention applies a content defined mini-
mum size bound on blocks produced by content defined seg-
mentation by calculating the size of the interval of data
between a newly found candidate segmenting position and a
last candidate segmenting position of the same or higher
hierarchy level, and then discarding the newly found candi-
date segmenting position if the size of the interval of data is
lower than the minimum bound on the size of a block, or
retaining the newly found candidate segmenting position if
the size of the interval of data is not lower than the minimum
bound on the size of a block or if there is no last candidate
segmenting position of a same or higher hierarchy level as the
newly found candidate segmenting position. In the latter case,
when a last candidate segmenting position of a same or higher
hierarchy level becomes available (e.g. in case of concurrent
calculation units of segmenting positions), the evaluation is
reiterated to converge the edge segmenting positions of the
outputs of consecutive calculation units.

In one embodiment, the present invention retains the newly
found candidate segmenting position if the size of the interval
of data is not lower than the minimum bound on the size of a
block, and/or retains the newly found candidate segmenting
position if there is no last candidate segmenting position of a
same or higher hierarchy level as the newly found candidate
segmenting position.

In one embodiment, the present invention converges the
outputs of concurrent calculation units of segmenting posi-
tions by: considering the edge segmenting positions of the
outputs of two consecutive calculation units of segmenting
positions, calculating the size of the interval of data between
the first highest level segmenting position in the latter unit and
the last highest level segmenting position in the previous unit,
and discards the first highest level segmenting position in the

30

40

45

18

latter unit and all the segmenting positions on the interval of
data if the size of the interval of data is smaller than the
minimum bound on the size of a block.

In one embodiment, the present invention retains the first
highest level segmenting position in the latter unit if the size
of'the interval of data is not smaller than the minimum bound
on the size of a block, discards the segmenting positions on
the interval of data if the calculated size of the interval of data
is not larger than the maximum bound on the size of a block,
and/or retains the segmenting positions on the interval of data
if the calculated size of the interval of data is larger than the
maximum bound on the size of a block.

In one embodiment, the present invention merges the last
block ofthe previous calculation unit into the first block of the
latter calculation unit if the last block of the previous calcu-
lation unit is not ended by a segmentation position.

In one embodiment, the present invention provides a solu-
tion for segmenting data into variable size blocks based on
content defined positions in a data deduplication system using
a processor device in a computing environment. In one
embodiment, by way of example only, the method defines
segmenting probabilities and segmenting conditions are
defined, and each of the segmenting conditions is associated
with one of the plurality of segmenting probabilities. Each
one of the segmenting conditions is ordered in accordance
with an associated segmenting probabilities to form a hierar-
chy of the segmenting conditions. A segmenting condition
associated with a highest segmenting probability defined to
be a lowest level segmenting condition in the hierarchy of the
segmenting conditions. The segmenting condition associated
with a lowest segmenting probability defined to be a highest
level segmenting condition in the hierarchy of the segmenting
conditions. Hash values are calculated for each seed block in
each consecutive byte position in data. Each one of the hash
values are evaluated using the segmenting conditions. A seg-
menting position is determined in the data for each hash value
that satisfies one of the segmenting conditions.

In one embodiment, the present invention defines that if a
hash value satisfies one of the plurality of segmenting condi-
tions, then that hash value also satisfies the segmenting con-
ditions which are of lower level on the hierarchy than the one
segmenting condition; and further defining that if a hash value
does not satisfy one of the segmenting conditions, then that
hash value also does not satisfy the segmenting conditions
which are of higher level on the hierarchy than the one seg-
menting condition.

In one embodiment, the present invention evaluates each
one of hash values with the segmenting conditions, in an
evaluation order from the lowest level segmenting condition
to the highest level segmenting condition. In one embodi-
ment, the present invention stops the evaluation of a hash
value at the first segmenting condition that is not satisfied by
the hash value.

In one embodiment, the present invention determines for
each one of the plurality of hash values the highest level
segmenting condition that is satisfied by the hash value, deter-
mining the position of the hash value in the data to be a
segmenting position, and assigning a hierarchy level to the
segmenting position, which is the hierarchy level of the high-
est level segmenting condition that is satisfied by the hash
value.

In one embodiment, the present invention performs at least
one of defining the highest level segmenting condition to be of
the form “([Hash value] modulo [Divisor])=[Residue]”, and
defining the rest of the segmenting conditions to be of the
form “([Hash value] modulo [Divisor])<(|Divisor]/[ Target
inverse probability])”, and defining the highest level seg-
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menting condition to be of the form “([Hash value] modulo
[Divisor])=[Residue]”, and defining the rest of the segment-
ing conditions to be of the form “([Hash value] modulo [Tar-
get inverse probability])=[Residue]”.

In one embodiment, the present invention performs one of
and/or all of defining the [Divisor| and the [Target inverse
probabilities] to be power of 2 values, defining [Divisor]>
[Target inverse probability] > . . . >[Target inverse probabil-
ity], where there are T target inverse probabilities; and
defining [Residue]<MIN{[Divisor]/[ Target inverse probabil-
ityl_,  t for the first type of conditions, and [Resi-
due]<MIN{[Target inverse probability],_,  ,} for the sec-
ond type of conditions.

In one embodiment, the present invention defines the size
of'the seed block to be 64 bytes, the value of the Divisor to be
1024, and the Target inverse probabilities used in the lower
level segmenting conditions to be 256, 128, and 64.

As will be appreciated by one skilled in the art, aspects of
the present invention may be embodied as a system, method
or computer program product. Accordingly, aspects of the
present invention may take the form of an entirely hardware
embodiment, an entirely software embodiment (including
firmware, resident software, micro-code, etc.) or an embodi-
ment combining software and hardware aspects that may all
generally be referred to herein as a “circuit,” “module” or
“system.” Furthermore, aspects of the present invention may
take the form of a computer program product embodied in one
or more computer readable medium(s) having computer read-
able program code embodied thereon.

Any combination of one or more computer readable medi-
um(s) may be utilized. The computer readable medium may
be a computer readable signal medium or a computer read-
able storage medium. A computer readable storage medium
may be, for example, but not limited to, an electronic, mag-
netic, optical, electromagnetic, infrared, or semiconductor
system, apparatus, or device, or any suitable combination of
the foregoing. More specific examples (a non-exhaustive list)
of the computer readable storage medium would include the
following: an electrical connection having one or more wires,
a portable computer diskette, a hard disk, a random access
memory (RAM), a read-only memory (ROM), an erasable
programmable read-only memory (EPROM or Flash
memory), an optical fiber, a portable compact disc read-only
memory (CD-ROM), an optical storage device, a magnetic
storage device, or any suitable combination of the foregoing.
In the context of this document, a computer readable storage
medium may be any tangible medium that may contain, or
store a program for use by or in connection with an instruction
execution system, apparatus, or device.

Program code embodied on a computer readable medium
may be transmitted using any appropriate medium, including
but not limited to wireless, wired, optical fiber cable, RF, etc.,
or any suitable combination of the foregoing. Computer pro-
gram code for carrying out operations for aspects of the
present invention may be written in any combination of one or
more programming languages, including an object oriented
programming language such as Java, Smalltalk, C++ or the
like and conventional procedural programming languages,
such as the “C” programming language or similar program-
ming languages. The program code may execute entirely on
the user’s computer, partly on the user’s computer, as a stand-
alone software package, partly on the user’s computer and
partly on a remote computer or entirely on the remote com-
puter or server. In the latter scenario, the remote computer
may be connected to the user’s computer through any type of
network, including a local area network (LAN) or a wide area
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network (WAN), or the connection may be made to an exter-
nal computer (for example, through the Internet using an
Internet Service Provider).

Aspects of the present invention have been described above
with reference to flowchart illustrations and/or block dia-
grams of methods, apparatus (systems) and computer pro-
gram products according to embodiments of the invention. It
will be understood that each block of the flowchart illustra-
tions and/or block diagrams, and combinations of blocks in
the flowchart illustrations and/or block diagrams, may be
implemented by computer program instructions. These com-
puter program instructions may be provided to a processor of
a general purpose computer, special purpose computer, or
other programmable data processing apparatus to produce a
machine, such that the instructions, which execute via the
processor of the computer or other programmable data pro-
cessing apparatus, create means for implementing the func-
tions/acts specified in the flowchart and/or block diagram
block or blocks.

These computer program instructions may also be stored in
a computer readable medium that may direct a computer,
other programmable data processing apparatus, or other
devices to function in a particular manner, such that the
instructions stored in the computer readable medium produce
an article of manufacture including instructions which imple-
ment the function/act specified in the flowchart and/or block
diagram block or blocks. The computer program instructions
may also be loaded onto a computer, other programmable
data processing apparatus, or other devices to cause a series of
operational steps to be performed on the computer, other
programmable apparatus or other devices to produce a com-
puter implemented process such that the instructions which
execute on the computer or other programmable apparatus
provide processes for implementing the functions/acts speci-
fied in the flowchart and/or block diagram block or blocks.

The flowchart and block diagrams in the above figures
illustrate the architecture, functionality, and operation of pos-
sible implementations of systems, methods and computer
program products according to various embodiments of the
present invention. In this regard, each block in the flowchart
or block diagrams may represent a module, segment, or por-
tion of code, which comprises one or more executable
instructions for implementing the specified logical
function(s). It should also be noted that, in some alternative
implementations, the functions noted in the block may occur
out of the order noted in the figures. For example, two blocks
shown in succession may, in fact, be executed substantially
concurrently, or the blocks may sometimes be executed in the
reverse order, depending upon the functionality involved. It
will also be noted that each block of the block diagrams
and/or flowchart illustration, and combinations of blocks in
the block diagrams and/or flowchart illustration, may be
implemented by special purpose hardware-based systems
that perform the specified functions or acts, or combinations
of special purpose hardware and computer instructions.

What is claimed is:

1. A method for applying a content defined minimum size
bound on content defined segmentation of data into blocks
using a processor device in a computing environment, com-
prising:

defining a plurality of segmenting probabilities and a plu-

rality of segmenting conditions, wherein each of the
plurality of segmenting conditions is associated with
one of the plurality of segmenting probabilities;
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ordering the plurality of segmenting conditions in accor-
dance with the associated one of the plurality of seg-
menting probabilities to form a hierarchy of the plurality
of segmenting conditions;

defining a segmenting condition associated with a highest

segmenting probability to be a lowest level segmenting
condition in the hierarchy of the plurality of segmenting
conditions, and defining the segmenting condition asso-
ciated with a lowest segmenting probability to be a high-
est level segmenting condition in the hierarchy of the
plurality of segmenting conditions;

defining a minimum bound on a size of a block;

calculating a plurality of hash values for each seed block in

each consecutive byte position in the data;

evaluating each one of'the plurality ofhash values using the

plurality of segmenting conditions;

determining a position of one of the plurality ofhash values

as a candidate segmenting position in the data if at least
one of the plurality of segmenting conditions is satisfied
by the hash value;
defining a hierarchy level of a candidate segmenting posi-
tion as the hierarchy level of the highest level segment-
ing condition that is satisfied by the one of the plurality
of'hash values of the candidate segmenting position;

calculating the size of the interval of data between a newly
found candidate segmenting position and a previous
candidate segmenting position; and

discarding the newly found candidate segmenting position

if the size of the interval of data is lower than the mini-
mum bound on the size of a block.

2. The method of claim 1, further including defining the
previous candidate segmenting position to be a candidate
segmenting position of one of a same hierarchy level and
higher hierarchy level as a newly found candidate segmenting
position.

3. The method of claim 2, further including maintaining,
for each level of the hierarchy of the plurality of segmenting
conditions, a last candidate segmenting position of one of a
same level in the hierarchy of the plurality of segmenting
conditions or a higher hierarchy level in the hierarchy of the
plurality of segmenting conditions.

4. The method of claim 2, further including retaining the
newly found candidate segmenting position if there is no last
candidate segmenting position that is one of equal to hierar-
chy level and the same hierarchy level as the newly found
candidate segmenting position.

5. The method of claim 4, further including converging
outputs of concurrent calculation units of segmenting posi-
tions by:

considering edge segmenting positions of the outputs of

two consecutive calculation units of the segmenting
positions,

calculating the size of the interval of data between a first

highest level segmenting position in a latter unit and a
last highest level segmenting position in a previous unit,
and

discarding the first highest level segmenting position in the

latter unit and all the segmenting positions on the inter-
val of data if the size of the interval of data is smaller than
the minimum bound on the size of the block.

6. The method of claim 5, further including performing one
of:

retaining the first highest level segmenting position in the

latter unit if the size of the interval of data is not smaller
than the minimum bound on the size of the block,

5

10

15

20

25

30

35

40

45

50

55

60

65

22

discarding the segmenting positions on the interval of data
if the calculated size of the interval of data is not larger
than a maximum bound on the size of the block, and

retaining the segmenting positions on the interval of data if
the calculated size of the interval of data is larger than the
maximum bound on the size of the block.

7. The method of claim 6, further including merging a last
block of the previous calculation unit into a first block of a
latter calculation unit if the last block of the previous calcu-
lation unit is not ended by a segmentation position.

8. The method of claim 1, further including retaining the
newly found candidate segmenting position if the size of the
interval of data is not lower than the minimum bound on the
size of the block.

9. A system for applying a content defined minimum size
bound on content defined blocks in a data deduplication sys-
tem of a computing environment, the system comprising:

at least one processor device operable in the computing

storage environment for controlling the data deduplica-

tion system, wherein the at least one processor device:

defines a plurality of segmenting probabilities and seg-
menting conditions, wherein each of the plurality of
segmenting conditions is associated with one of the
plurality of segmenting probabilities,

orders the plurality of segmenting conditions in accor-
dance with the associated one of the plurality of seg-
menting probabilities to form a hierarchy of the plu-
rality of segmenting conditions,

defines a segmenting condition associated with a highest
segmenting probability to be a lowest level segment-
ing condition in the hierarchy of the plurality of seg-
menting conditions, and defining the segmenting con-
dition associated with a lowest segmenting
probability to be a highest level segmenting condition
in the hierarchy of the plurality of segmenting condi-
tions,

defines a minimum bound on a size of a block,

calculates a plurality of hash values for each seed block
in each consecutive byte position in data,

evaluates each one of the plurality of hash values using
the plurality of segmenting conditions,

determines a position of one of the plurality of hash
values as a candidate segmenting position in the data
ifatleast one ofthe plurality of segmenting conditions
is satisfied by the hash value,

defines a hierarchy level of a candidate segmenting posi-
tion as the hierarchy level of the highest level seg-
menting condition that is satisfied by the one of the
plurality of hash values of the candidate segmenting
position,

calculates the size of the interval of data between a newly
found candidate segmenting position and a previous
candidate segmenting position, and

discards the newly found candidate segmenting position
if the size of the interval of data is lower than the
minimum bound on the size of a block.

10. The system of claim 9, wherein the at least one proces-
sor device defines the previous candidate segmenting position
to be a candidate segmenting position of one of a same hier-
archy level and higher hierarchy level as a newly found can-
didate segmenting position.

11. The system of claim 10, wherein the at least one pro-
cessor device maintains, for each level of the hierarchy of the
plurality of segmenting conditions, a last candidate segment-
ing position of one of a same level in the hierarchy of the
plurality of segmenting conditions or a higher hierarchy level
in the hierarchy of the plurality of segmenting conditions.



US 9,268,786 B2

23

12. The system of claim 10, wherein the at least one pro-
cessor device retains the newly found candidate segmenting
position if there is no last candidate segmenting position that
is one of equal to hierarchy level and the same hierarchy level
as the newly found candidate segmenting position.

13. The system of claim 12, wherein the at least one pro-
cessor device converges outputs of concurrent calculation
units of segmenting positions by:

considering edge segmenting positions of the outputs of
two consecutive calculation units of the segmenting
positions,

calculating the size of the interval of data between a first
highest level segmenting position in a latter unit and a
last highest level segmenting position in a previous unit,
and

discarding the first highest level segmenting position in the
latter unit and all the segmenting positions on the inter-
val of data if the size of the interval of data is smaller than
the minimum bound on the size of the block.

14. The system of claim 13, wherein the at least one pro-

cessor device performs one of:

retaining the first highest level segmenting position in the
latter unit if the size of the interval of data is not smaller
than the minimum bound on the size of the block,

discarding the segmenting positions on the interval of data
if the calculated size of the interval of data is not larger
than a maximum bound on the size of the block, and

retaining the segmenting positions on the interval of data if
the calculated size of the interval of data is larger than the
maximum bound on the size of the block.

15. The system of claim 14, wherein the at least one pro-
cessor device merges a last block of the previous calculation
unit into a first block of a latter calculation unit if the last block
of the previous calculation unit is not ended by a segmenta-
tion position.

16. The system of claim 9, wherein the at least one proces-
sor device retains the newly found candidate segmenting
position if the size of the interval of data is not lower than the
minimum bound on the size of the block.

17. A computer program product for applying a content
defined minimum size bound on content defined blocks using
aprocessor device in a computing environment, the computer
program product comprising a computer-readable storage
medium having computer-readable program code portions
stored therein, the computer-readable program code portions
comprising:

a first executable portion that defines a plurality of seg-
menting probabilities and segmenting conditions,
wherein each of the plurality of segmenting conditions is
associated with one of the plurality of segmenting prob-
abilities;

a second executable portion that orders the plurality of
segmenting conditions in accordance with the associ-
ated one of the plurality of segmenting probabilities to
form a hierarchy of the plurality of segmenting condi-
tions;

a third executable portion that defines a segmenting con-
dition associated with a highest segmenting probability
to be a lowest level segmenting condition in the hierar-
chy of the plurality of segmenting conditions, and defin-
ing the segmenting condition associated with a lowest
segmenting probability to be a highest level segmenting
condition in the hierarchy of the plurality of segmenting
conditions;

a fourth executable portion that defines a minimum bound
on a size of a block;
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a fifth executable portion that calculates a plurality of hash
values for each seed block in each consecutive byte
position in data;

a sixth executable portion that evaluates each one of the
plurality ot hash values using the plurality of segmenting
conditions;

a seventh executable portion that determines a position of
one of the plurality of hash values as a candidate seg-
menting position in the data if at least one of the plurality
of segmenting conditions is satisfied by the hash value;

an eighth executable portion that defines a hierarchy level
of a candidate segmenting position as the hierarchy level
ofthe highest level segmenting condition that is satisfied
by the one of the plurality of hash values of the candidate
segmenting position;

a ninth executable portion that calculates the size of the
interval of data between a newly found candidate seg-
menting position and a previous candidate segmenting
position; and

an tenth executable portion that discards the newly found
candidate segmenting position if the size of the interval
of data is lower than the minimum bound on the size of
a block.

18. The computer program product of claim 17, further
including a eleventh executable portion that defines the pre-
vious candidate segmenting position to be a candidate seg-
menting position of one of a same hierarchy level and higher
hierarchy level as a newly found candidate segmenting posi-
tion.

19. The computer program product of claim 18, further
including a twelfth executable portion that maintains, for
each level of the hierarchy of the plurality of segmenting
conditions, a last candidate segmenting position of one of a
same level in the hierarchy of the plurality of segmenting
conditions or a higher hierarchy level in the hierarchy of the
plurality of segmenting conditions.

20. The computer program product of claim 19, further
including a thirteenth executable portion that retains the
newly found candidate segmenting position if the size of the
interval of data is not lower than the minimum bound on the
size of the block.

21. The computer program product of claim 19, further
including a thirteenth executable portion that retains the
newly found candidate segmenting position if there is no last
candidate segmenting position that is one of equal to hierar-
chy level and the same hierarchy level as the newly found
candidate segmenting position.

22. The computer program product of claim 21, further
including a fourteenth executable portion that converges out-
puts of concurrent calculation units of segmenting positions
by:

considering edge segmenting positions of the outputs of
two consecutive calculation units of the segmenting
positions,

calculating the size of the interval of data between a first
highest level segmenting position in a latter unit and a
last highest level segmenting position in a previous unit,
and

discarding the first highest level segmenting position in the
latter unit and all the segmenting positions on the inter-
val of data if the size of the interval of data is smaller than
the minimum bound on the size of the block.

23. The computer program product of claim 22, further

including a fifteenth executable portion that performs one of:

retaining the first highest level segmenting position in the

latter unit if the size of the interval of data is not smaller
than the minimum bound on the size of the block,
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discarding the segmenting positions on the interval of data
if the calculated size of the interval of data is not larger
than a maximum bound on the size of the block, and
retaining the segmenting positions on the interval of data if
the calculated size of the interval of data is larger than the 5
maximum bound on the size of the block.

24. The computer program product of claim 23, further
including a sixthteenth executable portion that merges a last
block of the previous calculation unit into a first block of a
latter calculation unit if the last block of the previous calcu- 10
lation unit is not ended by a segmentation position.
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